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(54) Self-validating sensors 

(57) A sensor (12) provides a measurement and in- 
formation about the validity of the measurement. The 
sensor (12) includes a transducer (22) for generating a 
data signal related to the value of a variable and a trans- 
mitter (24) for receiving the data signal and generating 



output signals. The transmitter (24) generates a first out- 
put signal related to the value of the variable. The trans- 
mitter (24) also generates a second output signal based 
on a dynamic uncertainty analysis of the first output sig- 
nal. 
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Description 

An appendix is attached to this application. The appendix includes a thesis entitled 'Self -Validating Sensors' by 
Janice Ching-Yi Yang. This thesis was unpublished as of the filing date of this application. 
This invention relates to sensors and to control systems incorporating sensors. 

A sensor generates measurement data. Typically, the measurement data is a signal that approximates the value 
of a process variable (a measurand). In practice, the signal does not perfectly represent the value of the process 
variable. Instead, the signal also includes effects resulting from the sensor (such as sensor faults or distortion) and 
other process influences (including those attributable to "faulty" process behavior). 

The invention provides a technique for compensating for variations in the transfer function of a sensor. These 
variations also may be referred to as sensor dynamics. For an ideal sensor, a desired measurement m d is related to 
a measurand m by the transfer function G(s) of the sensor 

, m d = mG(s). 

However, variations in the transfer function G(s) of the sensor may result in a sensor reading x that differs from the 
desired measurement m d . For example, a loss of contact fault in a thermocouple can cause a decrease in the respon- 
siveness of a measurement system including the thermocouple. 

The invention provides a technique that corrects for variations in the transfer function G(s) of the sensor. The 
technique uses knowledge of the actual transfer function G a (s) and the desired transfer function G d (s) of the sensor. 
In most instances, the desired transfer function is known and the actual transfer function can be determined from the 
sensor. For example, the actual transfer function of a thermocouple may be determined using current injection tests. 
Using the sensor reading x and an inverse of the actual transfer function G a (s)\ the technique produces a compensated 
measurement m c that closely resembles the measurand m: 

m c =xG a( S )'' 

where 

x = mG a (s). 

The compensated measurement m c is then filtered using the desired transfer function G d (s) to produce the desired 
measurement: 

m d = m c G d (s) = (xG a (s)')G d (s) = (mG a (s))G a (s)'G d (s) = mG d (s). 

The invention also includes techniques for determining the uncertainty of the corrected measurement, and for deter- 
mining the uncertainty of combinations of related signals. 

In one aspect, generally, the invention features a method of compensating for variations in a transfer function of 
a sensor. The method includes identifying a desired transfer function for the sensor and determining an actual transfer 
function for the sensor. Upon receiving a measurement produced by the sensor, themethod modifies the measurement 
based on the desired and actual transfer functions to produce a modified measurement. The method then provides 
the modified measurement as a measurement value for the sensor. It should be understood that references in the 
specification and claims to desired and actual transfer function are meant to encompass discrete time equivalents of 
those functions. 

Embodiments of the invention may include one or more of the following features. The desired transfer function 
may be identified from design criteria for the sensor. When the actual transfer function varies with time, the actual 
transfer function may be determined for a particular time or period of time for which a measurement value is to be 
produced. For example, when the sensor includes a thermocouple, the actual transfer function may be determined 
using current injection tests. 

A compensated measurement may be produced by modifying the measurement based on an inverse of the actual 
transfer function. The modified measurement may be produced by modifying the compensated measurement based 
on the desired transfer function. 

The method may further include generating an uncertainty measure for the measurement value. The uncertainty 
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measure may be generated by generating a first uncertainty measure for the compensated measurement, generating 
a second uncertainty measure for the desired transfer function and combining the first and second uncertainty measures 
to produce the uncertainty measure for the measurement value. The first uncertainty measure for the compensated 
measurement may be generated by generating a third uncertainty measure for the measurement produced by the 
5 sensor, generating a fourth uncertainty measure for the inverse of the actual transfer function, and combining the third 
and fourth uncertainty measures to produce the first uncertainty measure for the compensated measurement. 

Other features and advantages will become apparent from the following description, given by way of example only, 
including the drawings, and from the claims. 

Fig. 1 is a block diagram of a process control system with multiple sensors and actuators. 
10 Fig. 2 is a block diagram of a sensor according to the invention. 

Fig. 3 is a block diagram showing the flow of information in the sensor of Fig. 2. 

Fig. 4 is a composite graph showing three methods of responding to a fault in the sensor of Fig. 2. 

Fig. 5 is a composite graph of various signals produced by the sensor of Fig. 2 versus time. 

Fig. 6 is a block diagram showing the timing of information flow in the sensor of Fig. 2. 
is Fig. 7 is a block and schematic diagram of a temperature sensor according to the invention. 

Fig. 8 is a set of composite graphs of an auxiliary signal (upper graph), raw temperature (middle graph), and 
validated temperature and uncertainty (lower graph) versus time for the instrument of Fig. 7. 

Fig. 9 is a set of composite graphs of raw data (upper graph), raw temperature (middle graph) and validated 
temperature and uncertainty (lower graph) versus time for the instrument of Fig. 7. 
20 Fig. 10 is a paired composite graph of auxiliary data (Fig. 10A) and validated temperature and uncertainty (Fig. 

10B) for the instrument of Fig. 7. 

Fig. 11 is a schematic and block diagram of a Coriolis flow meter. 

Fig. 12 is pseudocode showing steps performed by the meter of Fig. 11 during each sampling period. 
Fig. 13 is pseudocode showing steps performed by the meter of Fig. 11 in determining temperature and associated 
25 uncertainty. 

Fig. 14 is pseudocode showing steps performed by the meter of Fig. 11 in diagnosing a fault. 
Fig. 15 is a set of composite graphs showing the effect of a loss of temperature on temperature (upper graphs), 
density (middle graphs) and mass flow rate (lower graphs) versus time for the meter of Fig. 11 . 
Fig. 16 is a flow chart of a procedure for generating a signal based on the uncertainty analysis. 
30 Fig. 17 is a flow chart of a procedure for responding to the detection of a fault. 

Fig. 18 is a flow chart of a procedure for detecting a loss of contact fault. 

Figs. 1 9A-1 9D are block diagrams illustrating an ideal measurement system and a process for producing a modified 
measurement. 

Fig. 20 is a flow chart of a procedure for generating a modified measurement. 
35 Figs. 21 A and 21 B are graphs showing responses to a step input. 

Figs. 22A and 22B are graphs showing responses to a varying input. 
Figs, 23A and 23B are schematics of a thermocouple. 

Fig. 24 is a flow chart of a procedure for generating an uncertainty measure for a modified measurement. 

Figs. 25A and 25B are graphs showing responses to a step input (Fig. 25A) and to a varying input (Fig. 25B). 
40 Fig. 26 is a flow chart of a procedure for producing uncertainty measure. 

Figs. 27A and 27B are graphs representing an uncertainty measure in terms of base variables (Fig. 27 A) and in 
terms of intermediate signals (Fig. 27B). 

Fig. 28 is a schematic of multiple thermocouples arranged in parallel to measure average temperature. 

Fig. 29 is a flow chart of a procedure for generating an uncertainty measure. 
45 Figs. 30A-30D are graphs of uncertainty measures. 

Figs. 31 A-31D are graphs of uncertainty measures. 

Figs. 32A-32D are graphs of uncertainty measures. 

Referring to Fig. 1, in a process control system 10, a plurality of sensors 12 monitor parameters of a process 14 
and provide signals about the monitored parameters to a data control and management system 16 on a digital com- 

so munications link 18. Digital communications link 18 allows bidirectional communication between multiple central 
processing units 16, sensors 12, and process actuators 20. In response to signals from sensors 12, data control and 
management system 16 sends process control signals to process actuators 20 on digital communications link 18. 
Thereafter, process actuators 20 respond to process control signals from data control and management system 16 by 
modifying parameters of process 14. 

55 Because data control and management system 16 relies on measurement signals from sensors 12 in controlling 

process 14, measurement signals from sensors 12 need to be accurate and reliable. A given sensor 1 2 typically cannot 
guarantee complete accuracy and reliability; instead, sensor 12 provides data control and management system 16 
with indications of the uncertainty (which, in turn, indicates the accuracy) and the reliability of the measurement signals. 
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Referring also to Fig. 2. sensor 12 includes one or more transducers 22 that monitor the values of parameters of 
process 14 and provide signals to a transmitter 24. Transmitter 24 samples the signals from transducers 22 and pro- 
duces measurement values for the parameters being monitored by transducers 22. Transmitter 24 validates the meas- 
urement values and provides the validated measurement values, along with an indication of the uncertainty of the 
s validated measurement values, to data control and management system 16 via digital communications link 18. In 
addition, transmitter 24 generates signals indicating the reliability of the validated measurement values provided by 
sensor 1 2 and the operational status of sensor 1 2, and provides these signals to data control and management system 
16 via digital communications link 18. 

Transmitter 24 generates the signals provided to data control and management system 1 6 during a sample period 
10 and transmits the signals at the end of the sample period. Typically, the duration of a sample period is less than one 
second, but this duration can be adjusted as required by a particular application. 

As shown in Fig. 3, transmitter 24 typically provides four signals to data control and management system 16: 

(1 ) VMV 26 - a validated measurement value of a process parameter (transmitter 24's best estimate of the value 
15 of the measured parameter), 



(2) VU 28 - a validated uncertainty associated with VMV 26, 

(3) MV status 30 - the status of VMV 26 (the manner in which VMV 26 was calculated), and 

20 

(4) device status 32 - the operational status of the sensor. 



If sensor 1 2 measures multiple process parameters, transmitter 24 produces a version of VMV 26, VU 28, and MV 
status 30 for each process parameter. 

25 in some circumstances, transmitter 24 can provide additional information. For example, upon a request by data 

control and management system 16, transmitter 24 provides detailed diagnostic information 34 about the status of 
sensor 12. Also, when a measurement has exceeded, or is about to exceed, a predetermined limit, transmitter 24 can 
send alarm data 35. Typically, different alarm levels can be used to indicate the severity with which the measurement 
has deviated from the predetermined value. 

30 VMV 26 and VU 28 are numeric values. For example, VMV 26 could be a temperature measurement valued at 

200 degrees and VU 28, the uncertainty of VMV 26, could be 9 degrees. In this case, there is a high probability (typically 
95%) that the actual temperature being measured falls within an envelope around VMV- 26 and designated by VU 28 
(191 degrees to 209 degrees). 

Transmitter 24 generates VMV 26 based on a signal produced by transducer 22. First, transmitter 24 derives RMV 

35 36, an unvalidated image of the measured process parameter that is based on the signal generated by transducer 22. 
Typically, when transmitter 24 detects no abnormalities in sensor 12, transmitter 24 has nominal confidence in RMV 
36 and sets VMV 26 equal to RMV 36. 

As discussed in more detail below, when transmitter 24 detects an abnormality in sensor 12, transmitter 24 does 
not set VMV 26 equal to RMV 36. Instead, transmitter 24 sets VMV 26 to a value that transmitter 24 considers to be 

40 a better estimate of the actual parameter than RMV 36. If transmitter 24 detects a fault in sensor 12 that only partially 
affects the reliability of RMV 36 such that transmitter 24 has reduced confidence in RMV 36, transmitter 24 typically 
rederives RMV 36 by modifying the parameters used in deriving RMV 36 to account for the fault, and sets VMV 26 
equal to the new value of RMV 36. Alternatively, if transmitter 24 detects a fault in sensor 1 2 which indicates that RMV 
36 bears no relation to the actual measured value such that transmitter 24 has zero confidence in RMV 36, transmitter 

45 24 sets VMV 26 to a value based on past performance. 

Referring also to Fig. 4, three examples of past performance values include short term past values, long term past 
values, and a combination of long and short term past values. As shown in (a), when short term past values are used, 
VMV 26 can equal the value of VMV 26 had immediately prior to the fault that occurs at time 5. As shown in (b), when 
long term past value are used, VMV 26 can equal the average value of VMV 26. As shown in (c), when a combination 

50 of long and short term past values is used, the long and short term past values can be combined using the following 
equation, which weighs each value according to its uncertainty: 
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VMV L&S = 



VU, 



vu L ' + vu 8 



- 2 * VMV S + 



VU C 



vu L ' + vu s 



- * VMV L 



where VU L and VU d are the long and short term past values for VU 28 and VMV L and VMV S are the long and short 
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term past values for VMV 26. 

Transmitter 24 generates VU 28 based on a raw uncertainty signal, RU 62, that is the result of a dynamic uncertainty 
analysis of RMV 36. Transmitter 24 performs this uncertainty analysis during each sampling period. 

Uncertainty analysis, originally described in "Describing Uncertainties in Single Sample Experiments," S J. Kline 
s & F. A. McClintock, Mech. Eng. , 75, 3-8 (1 953), has been widely applied and has achieved the status of an international 
standard for calibration. Essentially, an uncertainty analysis provides an indication of the "quality" of a measurement. 
Every measurement has an associated error, which, of course, is unknown. However, a reasonable limit on that error 
can often be expressed by a single uncertainty number (ANSI/ASME PTC 19.1-1 985 Part 1 . Measurement Uncertainty: 
Instruments and Apparatus). 

10 As described by Kline & McClintock, for any observed measurement M t the uncertainty in M % can be defined 

as follows: 

M M e [M- w m ] 

15 

where M is true (M trve ) with a certain level of confidence (typically 95%). This uncertainty is readily expressed in a 
relative form as a proportion of the measurement (i.e. WfJM). 

A propagation rule exists for obtaining the uncertainties of arbitrary functions of primary measurements. For ex- 
ample, for an arbitrary function R of variables X, Y, and 2, 

20 

R=R(X,Y,Z) 

the uncertainty of R is given by 

25 

[Wp/Rf = [dR/dX\ 2 [w^R] 2 + IdR/dY] 2 [Wy/R] 2 + [dR/dZ\ 2 [w^R] 2 

This sum of squares form is derived from the Taylor series, and assumes the independence of X, Y, and Z, that their 
30 relative uncertainties are "small", and that all uncertainties are expressed at the same probability level. For purposes 

of this application, all uncertainties are assumed to be at 95% probability. 

One of the uses of the uncertainty propagation formula is to reveal particular circumstances that can result in a 

higher or lower than expected level of uncertainty. For example, as discussed in S.J. Kline, "The Purposes of Uncertainty 

Analysis", ASME Journal of Fluids Engineering , Vol. 107, No. 2, pp. 153-160, 1985, if R is calculated from x and y 
35 using the equation 

R = x - y, 

40 the uncertainty in R, w w is given by 

Wf/R = [(x/(x-y) * wjxf + (y/(x-y) * wjy) 2 ]*. 
45 |f x = 1 .0, y = 0.98, and the uncertainty in both x and y is 1%, then the uncertainty in R is: 

W f /R - ((1/0.02 * O.01) 2 + (0. 98/0.02 * Q.01) 2 ) lf2 
= 0-700 - 70%. 

so 

By comparison, if R is calculated from a variable z using the equation 

55 R = (1/(1 + z))*, 

the uncertainty in R is given by 
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Wp/R = wJ2(\ + z). 

If z = 0.1 and the uncertainty is z is 20%, then the uncertainty in R is only 0.91%. 

5 On reflection these results should not be surprising. In the first example, two quantities of similar magnitude are 

being subtracted, which will increase the relative error in the result. In the second, although z has a large uncertainty, 
its influence on R is relatively small. Of course, for different values of x, y, and z. the impact of their uncertainties will 
vary. Uncertainty analysis is useful in that it can quantify these effects. 

Returning to Fig. 3, VU 28 has a non-zero value even under ideal conditions (i.e., a faultless sensor operating in 

10 a controlled, laboratory environment). This is because the measurement produced by a sensor is never completely 
certain and there is always some potential for error. 

As with VMV 26, when transmitter 24 detects no abnormalities in sensor 12, transmitter 24 sets VU 28 equal to 
RU 62. When transmitter 24 detects a fault in sensor 12 that only partially affects the reliability of RMV 36, transmitter 
24 typically performs a new uncertainty analysis that accounts for effects of the fault and sets VU 28 equal to the results 

is of this analysis. As with VMV 26, transmitter 24 sets VU 28 to a value based on past performance when transmitter 
24 determines that RMV 36 bears no relation to the actual measured value. 

Fig. 4 illustrates three exemplary techniques for adjusting VU 28 based on past performance values. First, as 
shown in (a), VU 28 can be increased during each sampling period by the maximum observed rate of change of VMV 
26. This technique, which tends to give good short term results, eventually produces unrealistic values for VU 28. Next, 

20 as shown in (b), when VMV 26 is set equal to the long term average of VMV 26, VU 28 can indicate that VMV 26 can 
take any previous value of VMV 26. Thus, if VMV 26 always falls between 0 and 100 and VMV 26 is set to 50, VU 28 
is set to 50. This technique tends to give unduly pessimistic short term results, but avoids the long term problems of 
method (a). Finally, as shown in (c), when VMV 26 is based on a combination of the long and short term past values 
for VMV 26, VU 28 can be calculated as follows: 

25 

VU. *VU q 

vu L&s = i 1^ 

(vu L 2 + vu s T 

30 where VU L and VU S are the long and short term past values for VU 28. 

To ensure that data control and management system 16 uses VMV 26 and VU 28 properly, MV status 30 provides 
information about how VMV 26 and VU 28 were calculated. Transmitter 24 produces VMV 26 and VU 28 under all 
conditions-even when transducers 22 are inoperative. Often, data control and management system 16 needs to know 
whether VMV 26 and VU 28 are based on "live" or historical data. For example, if data control and management system 
3$ 1 6 were using VMV 26 and VU 28 in feedback control and transducers 22 were inoperative, data control and manage- 
ment system 16 would need to know that VMV 26 and VU 28 were based on past performance. 

MV status 30 is based on the expected persistence of any abnormal condition and on the confidence of transmitter 
24 in RMV 36. The four primary states for MV status are generated according to Table 1 . 

40 Table 1 



45 



| Expected Persistence 


Confidence in RMV 


MV Status [ 


| not applicable 


nominal 


CLEAR [ 


not applicable 


reduced 


BLURRED I 


short 


zero 


DAZZLED 


long 


zero 


BLIND 



A CLEAR MV status 30 occurs when RMV 36 is within a normal range for given process conditions. A DAZZLED 
50 MV status 30 indicates that RMV 36 is quite abnormal, but the abnormality is expected to be of short duration. Typically, 
transmitter 24 sets MV status 30 to DAZZLED when there is a sudden change in the signal from transducer 22 and 
transmitter 24 is unable to clearly establish whether this change is due to an as yet undiagnosed sensor fault or to an 
abrupt change in the variable being measured. A BLURRED MV status 30 indicates that RMV 36 is abnormal but 
reasonably related to the parameter being measured. For example, transmitter 24 may set MV status 30 to BLURRED 
55 when RMV 36 is a noisy signal. A BLIND MV status 30 indicates that RMV 36 is completely unreliable and the fault is 
expected to persist. 

Two additional states for MV status 30 are UN VALIDATED and SECURE. MV status 30 is UN VALIDATED when 
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transmitter 24 is not performing validation of VMV 26. MV status 30 is SECURE when VMV 26 is generated from 
redundant measurements in which transmitter 24 has nominal confidence. 

Device status 32 is a generic, discrete value summarizing the health of sensor 12 that is used primarily by fault 
detection and maintenance systems. Typically, device status 32 is in one of six states, each of which indicates a different 
s operational status for sensor 12. These states are: GOOD, TESTING, SUSPECT, IMPAIRED, BAD, or CRITICAL. A 
GOOD device status 32 means that sensor 12 is in nominal condition. A TESTING device status 32 means that sensor 
12 is performing a self check, and that this self check 

may be responsible for any temporary reduction in measurement quality. A SUSPECT device status 32 means that 
sensor 12 has produced an abnormal response, but transmitter 24 has no detailed fault diagnosis. An IMPAIRED 

10 device status 32 means that sensor 1 2 is suffering from a diagnosed fault that has a minor impact on performance. A 
BAD device status 32 means that sensor 1 2 has seriously malfunctioned and maintenance is required. Finally, a CRIT- 
ICAL device status 32 means that sensor 1 2 has malfunctioned to the extent that sensor 1 2 may cause (or have caused) 
a hazard such as a leak, fire, or explosion. 

Fig. 5 illustrates an example of the relationship between VMV 26, VU 28, MV status 30, and RMV 36. In another 

is aspect, Fig. 5 illustrates a preferred method of displaying the relationship between VMV 26 and VU 28 both during 
normal operation and when a fault has occurred: VU 28 is shown both as a separate signal and as an envelope sur- 
rounding VMV 26 (line 38 indicates the sum of VMV 26 and VU 28 and line 40 indicates the difference between VMV 
26 and VU 28). When VU 28 is expressed as an envelope surrounding VMV 26, a user can, by examining the envelope, 
visually determine the range of probable values of the parameter represented by VMV 26 for any displayed time. 

20 In the region between time T1 and time T2, RMV 36 is a periodic signal whose amplitude falls within an expected 

range. In this region, VMV 26 equals RMV 36, MV status 30 is CLEAR, and VU 28 remains at a constant 'normal" level 
that corresponds to RU 62, the uncertainty under normal operating conditions (with line 42 representing a zero value 
for VU 28). For purposes of this example, RU 62 is assumed to have a constant value. 

At time T2, RMV 36 begins to increase at a rate that substantially exceeds an expected rate of change for RMV 

25 36. Transmitter 24 takes a number of actions in response to this unexplained phenomenon. First, transmitter 24 changes 
MV status 30 to DAZZLED. Next, transmitter 24, which is basing VMV 26 and VU 28 on short term past performance 
values in this example, maintains VMV 26 at the value that VMV 26 had just before the sudden increase in RMV 36 
at time T2. Finally, transmitter 24 begins to increase VU 28 at a constant rate that equals the maximum rate of increase 
of VMV 26 during normal operation. The progressive increase in the value of VU 28 over time reflects increasing 

30 uncertainty of the value of the measurement in the absence of up to date valid transducer data caused by sensor 12 
being DAZZLED. 

RMV 36 continues to increase until time T3. At time T3, RMV 36 stops increasing and remains at a constant level. 
Because the value of RMV 36 now exceeds expected values, transmitter 24 does not change VMV 26 or MV status 
30, and continues to increase VU 28 at a constant rate. At time T4, RMV 36 begins to decrease. Because the value 
35 of RMV 36 still exceeds expected values, transmitter 24 makes no changes to VMV 26 or MV status 30, and continues 
to increase VU 28 at a constant rate. 

At time T5, RMV 36 begins to operate as expected. In response, transmitter 24 changes MV status 30 to BLURRED 
and begins to merge VMV 26 with RMV 36 using, for example, the following equation: 

40 VMV n + 1 = 0 95 * VMV n + 0 05 * RMV n + 1 



where VMV n+1 is the value of VMV 26 for the current sample, VMV n is the value of VMV 26 generated in the previous 
sample, and RMV n+1 is the value of RMV 36 for the current sample. Next, transmitter 24 initializes a recovery timeout 
45 period. Finally, transmitter 24 begins to decrease VU 28 by merging VU 28 with RU 62 using, for example, the following 
equation: 

VU n+1 2 =0.95 2 *VU n 2 + 0.05 2 .RU n+1 2 

SO 

where VU n+1 is the value of VU 28 for the current sample, VU n is the value of VU 28 generated in the previous sample, 
and RU n+1 is the value of RU 62 for the current sample. 

At time T6, transmitter 24 determines that the recovery timeout period has expired and changes MV status 30 to 
CLEAR. Because transmitter 24 now has nominal confidence in RMV 36, transmitter 24 sets VU 28 equal to RU 62. 
55 if, at time T5, RMV 36 had not returned to expected levels, sensor 1 2 would have either maintained MV status 30 

as DAZZLED or diagnosed a sensor fault and changed MV status 30 to BLIND. MV status 30 can only be DAZZLED 
for a limited 'timeout' period. Thus, if RMV 36 remained at unexpected levels, the timeout period would eventually 
expire, and transmitter 24 would change MV status 30 to BLIND. 
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As shown in Fig. 3, transmitter 24 uses several sources of information, each of which is discussed below, in gen- 
erating VMV 26, VU 28, MV status 30, device status 32, diagnostic information 34, and alarm data 35. Raw data 44, 
the basic measurement information available to transmitter 24, is typically an electrical image of the output of one or 
more transducers 22 (e.g. , the frequency of oscillation or the resistance of a transducer 22). Raw data 44 contains the 

5 maximum information available about the response of transducer 22 and is therefore a rich source of information for 
statistical tests to detect sensor faults. However, knowledge of expected process behavior cannot be applied readily 
to raw data 44 and is more appropriately applied to statistics based on RMV 36. 

Because RMV 36 directly relates to a process parameter (e.g., temperature or mass flow rate), transmitter 24 can 
link the expected (no-fault) behavior of RMV 36 to the expected behavior of the process parameter associated with 

10 RMV 36. Transmitter 24 derives RMV 36 from raw data 44 by conventional processing. For example, if raw data 44 
corresponds to the resistance of a transducer 22 and RMV 36 corresponds to temperature, transmitter 24 derives RMV 
36 based on raw data 44 in light of known effects of temperature on the resistance of transducer 22. Often, transmitter 
24 filters RMV 36 to reduce the effect of sensor noise and high frequency process disturbances. When filtering occurs, 
RMV 36 contains less information than raw data 44. 

*s To a certain extent, raw data 44 and RMV 36 are complementary sources of information. While raw data 44 has 

more information content than RMV 36, RMV 36 is more easily compared with expected process behavior. Thus, raw 
data 44 and RMV 36 each offer useful information to transmitter 24. 

Auxiliary data 46 is provided by auxiliary signals within sensor 12. Auxiliary signals, though not directly related to 
raw data 44 or RMV 36, give useful information about the health or performance of sensor 12. For example, statistical 

20 tests to identify characteristic sensor or process behavior may be associated with particular auxiliary signals. Examples 
of auxiliary signals include the electrical properties of components within sensor 12 (e.g., signal levels at the input or 
output stages of power amplifiers) and hardware error information 50. Hardware error information 50 is a special, 
preprocessed form of auxiliary information generated by digital components within sensor 12, requiring little or no 
processing or interpretation. For example, a memory checksum error in a memory component of transmitter 24 would 

25 constitute hardware error information 50. 

In addition to information from within sensor 12 or from process 14, transmitter 24 uses information from data 
control and management system 16 in generating output signals. Data control and management system 16 is known 
as the "Next Level Up" ("NLU"), and information from data control and management system 16 is known as NLU 
information 48. A difficulty associated with having transmitter 24 validate the output of sensor 12 is that transmitter 24 

30 may have insufficient information to reach a valid conclusion. For example, transmitter 24 may be unable to distinguish 
between certain types of sensor faults (e.g., drift errors that cause the output of the sensor to change over time for a 
given input) and legitimate process changes. In these situations, transmitter 24 may refer to NLU information 48 for 
clarification. Data control and management system 16, which has access to additional information, including data from 
other sensors 12, provides transmitter 24 with the information needed to distinguish between process changes and 

35 sensor drift. 

Transmitter 24 may request NLU information 48 such as anticipated process limits through standard requests to 
data control and management system 16. Alternatively, data control and management system 16 can provide unso- 
licited information, such as indications of changes in process behavior that will change the process parameters being 
measured by transducers 22, to transmitter 24. For example, if process 14 operates in a number of phases that each 
40 have distinct characteristics, data control and management system 16 can notify transmitter 24 when the phase of 
process 14 changes. 

Application knowledge base information 52 allows transmitter 24 to estimate a "wear and tear" effect on sensor 
performance. Application knowledge base information 52 describes the relationship between signals and sensor char- 
acteristics over time. In some applications, sensors are known to degrade much more rapidly under certain conditions 

45 (e.g., at extremes of their operating range). For example, if a normal range pH probe is exposed to more than about 
1 2pH for as little as an hour, the probe may become alkali-conditioned and fail to respond when the solution becomes 
more acidic. Application knowledge base information 52 also includes factors such as the time elapsed since the last 
calibration or last maintenance of sensor 12. 

Sensor/process stimulus information 54 provides information about a known stimulus applied to the process or 

50 part of a sensor. Sensor/process stimulus information 54 is used in implementing procedures for testing sensor 12. A 
known stimulus is applied to process 14 or sensor 12 and the response generated by sensor 12 is compared with an 
expected response. For example, sensor/process stimulus information 54 could describe a known force that has been 
introduced to a pressure transducer. Sensor/process stimulus information 54 is generated by transmitter 24 (i.e., as 
part of a self -test initiated by transmitter 24) or sent by data control and management system 16 as NLU information 

55 48. When testing disables the measuring capability of sensor 1 2, transmitter 24 sets the MV status 30 of each disabled 
measurement to DAZZLED, bases VMV 26 and VU 28 on past performance, and sets device status 32 to TESTING. 

Fig. 3 also shows the functional units of transmitter 24. A diagnostic state machine 56 processes all of the infor- 
mation available to transmitter 24 and determines the diagnostic state 58 of sensor 1 2. Diagnostic state 58 is the central 
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piece of information used by diagnostic state machine 56 in deriving VMV 26, VU 28, MV status 30, and device status 
32. Because diagnostic state 58 may itself be helpful to users performing maintenance on sensor 12, it is the basis of 
diagnostic information 34, which is output upon a request by data control and management system 16. 

Referring also to Fig. 6, transmitter 24 performs the following operations during each sampling period. After getting 
5 raw data 44 from transducer 22 (step 72), diagnostic state machine 56 propagates raw data 44 through a set of device 
equations 60 to generate RMV 36 (step 74). At the same time, transmitter 24 dynamically calculates RU 62 using an 
uncertainty analysis 64 based on device equations 60 and calibration data 66 in accordance with the established 
standards discussed above (step 74). In calculating RU 62, transmitter 24 assumes that no fault has occurred. RU 62 
has a non-zero value under all operating conditions. Generally, RU 62 increases under other than ideal conditions. 
10 Next, diagnostic state machine 56 obtains other information (step 76) and, based on the other information, raw 

data 44, RMV 36, and RU 62, calculates statistics or performs pattern matching to determine if sensor 12 is operating 
correctly (step 78). Based on the results of step 78, diagnostic state machine 56 updates diagnostic state 58 (step 80). 

Next, diagnostic state machine 56 modifies (68) RMV 36 based on diagnostic state 58 to produce VMV 26. Es- 
sentially, diagnostic state machine 56 recalculates RMV 36 after modifying the parameters used in the calculation to 
is account for diagnostic state 58 and sets VMV 26 equal to the new RMV 36 (step 82). Thus, under normal operating 
conditions (when diagnostic state 58 does not require modification of any parameters), VMV 26 typically equals RMV 36. 

At the same time, diagnostic state machine 56 modifies (70) RU 62 based on diagnostic state 58 to produce VU 
28. As with VMV 26, diagnostic state machine 56 recalculates RU 62 after modifying the parameters used in the 
calculation to account for diagnostic state 58 and sets VU 28 equal to the new RU 62 (step 82). Thus, VU 28 typically 
20 equals RU 62 under normal operating conditions. Under other conditions, W 28 typically exceeds RU 62. 

Next, diagnostic state machine 56 selects MV status 30 (step 84) and device status 32 (step 86) based on diagnostic 
state 58 and via either calculations or a lookup table. If necessary, diagnostic state machine 56 sends alarm data 35 
by updating alarm flags (step 88). Also, if data control and management system 16 has requested it, diagnostic state 
machine 56 generates diagnostic information 34 based on diagnostic state 58 (step 90). 
25 Referring to Fig. 7, a self -validating temperature sensor Ido includes a thermocouple 102 and a transmitter 104 

that includes a processor 106. Typically, thermocouple 102 includes two dissimilar metals in contact and produces a 
voltage, V 0lff , between two terminals 108 and 110. V Djfr is proportional to the difference between the temperature of a 
sensing junction 1 1 2 and a reference junction 1 1 4. The sum of V Dif! and V Comp , a voltage proportional to the difference 
between the temperature of reference junction 114 and zero degrees, equals V Tempi a voltage proportional to the 
30 difference between the temperature of sensing junction 112 and zero degrees. To determine V^p, V^ is amplified 
by amplifier 116 and V^p is generated by temperature sensor 118 and amplified by amplifier 120. The output 117 of 
amplifier 116 and the output 121 of amplifier 120 are then supplied to an analog-to-digital convertor ("ADC") 122 in 
processor 106. Processor 106 uses amplifier outputs 117, 121 , and other available information, to generate diagnostic 
state 58, RMV 36, and RU 62. Based on these signals, processor 106 generates VMV 26, VU 28, MV status 30, device 
35 status 32, alarm data 35, and, when requested, diagnostic information 34. 

Referring to Fig. 8, self-validating temperature sensor 100 responds to a loss of power to amplifiers 116, 120 as 
described below. During normal operation (time 0 to 15), VMV 26 equals RMV 36, which processor 106 generates 
based on the sum of outputs 117, 121. Similarly, VU 28 equals RU 62, and indicates the uncertainty of VMV 26. MV 
status 30 is CLEAR. 

40 At time 1 5, the power supply 1 32 stops functioning and V Diff and V Comp (outputs 117, 1 21 ) both go to zero volts, 

which results in an RMV 36 of about negative 55° C (for a particular transmitter design). Processor 106 detects the loss 
of power when power monitor 1 34, a digital auxiliary signal, switches from one to zero in response to the loss of power. 
Processor 1 06 then sets diagnostic state 58 to indicate that processor 106 has zero confidence in RMV 36. As a result, 
processor 106 sets VMV 26 and VU 28 to a combination of the long and short term past values for VMV 26 and VU 

45 28 respectively as described above. Finally, processor 106 signals the severity and expected long term duration of the 
sensor fault by setting MV status 30 to BLIND. 

When the power supply is restored at time 36, processor 106 detects the change in power monitor 134 from zero 
to one and sets MV status 30 to BLURRED. The 'live' data from RMV 36 is merged with the previous value of VMV 
26 as described above to give a new value for VMV 26. Similarly, RU 62 is merged with the previous value of VU 28 

so to give a decreasing value for VU 28. At this time, processor 106 also initializes a recovery timer. 

Processor 106 generates VMV 26 and VU 28 by merging past values of VMV 26 and VU 28 with, respectively, 
RMV 36 and RU 62 until the recovery timer expires at time 56. (In this example, the recovery timer was set for 20 
seconds.) At that time, processor 106 sets MV status to CLEAR, sets VMV 26 equal to RMV 36, and sets VU 28 equal 
to RU 62. 

55 Referring now to Fig. 9, an open circuit fault occurs at time 13 when thermocouple 102 is disconnected from 

transmitter 104. In the presence of such a fault, RMV 36 is around 130°C, which corresponds to a normal value for 
output 1 21 but an abnormally high value for output 117 due to saturation of amplifier 116. (Pull-up resistor 136 causes 
saturation of amplifier 116 in the presence of an open circuit fault.) In response to the abnormally high value of output 
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117, processor 1 06 sets diagnostic state 58 to indicate, zero confidence in RM V 36 and sets M V status 30 to DAZZLED. 
Processor 106 then generates VMV 26 and VU 28 based on a combination of the long and short term past values as 
described above. 

Next, referring again to Fig. 7, processor 106 connects thermocouple 102 to voltage source 124 via switch 126 
5 and monitors the voltage 1 30 produced across a resistor 1 28. Because of the open circuit, no current flows in resistor 
128 and voltage 130 is zero volts. From this, processor 106 confirms the open circuit fault and sets MV status 30 to 
BLIND. 

At time 27, the open circuit fault is corrected and output 117 returns to a normal value. Processor 106 responds 
by setting diagnostic state 58 to indicate reduced confidence in RMV 36 (rather than no confidence), sets MV status 
10 30 to BLURRED, and initializes a recovery timer. 

Thereafter, processor 106 generates VMV 26 and VU 28 by merging past values of VMV 26 and VU 28 with, 
respectively, RMV 36 and RU 62 until the recovery timer expires at time 47 (where the recovery timer was set for 20 
seconds). At that time, processor 1 06 sets MV status to CLEAR, sets VMV 26 equal to RMV 36, and sets VU 28 equal 
to RU 62. 

is Referring to Fig. 7, a loss of contact fault occurs when sensing junction 1 1 2 loses contact with the process element 

of which the temperature is being measured. Because a loss of contact fault does not produce an abnormal change 

in RMV 36, sensor 100 cannot readily detect the fault. 

As a result, sensor 100 uses current injection tests to detect loss of contact faults. In a current injection test, sensor 

100 connects thermocouple 102 to voltage source 124 for a predetermined period and measures the effect on output 
20 117. (The value of output 1 1 7 before thermocouple 102 is connected to voltage source 1 24 is compared to the value 

after disconnection.) 

Referring to Fig. 10, a loss of contact fault occurs at time 12 and the measured temperature drops by about seven 
degrees. Because this is within normal operating parameters, sensor 1 00 does not immediately recognize the fault, 
and, instead, adjusts VMV 26 and maintains MV status 30 as CLEAR. 

25 At time 28, processor 106 begins a current injection test. Because amplifier 116 does not read "live" data during 

the test, processor 106 sets MV status 30 to DAZZLED and generates VMV 26 and VU 28 based on past performance 
as discussed above. At time 33, processor 106 determines that the fault has occurred and sets MV status 30 to 
BLURRED. (Processor 106 assumes that, though contact has been lost, the temperature sensed by thermocouple 
102 still approximates the actual temperature.) 

30 At time 56, contact is reestablished, However, processor 106 interprets the sudden change in output 117 as a 

spike and temporarily sets MV status 30 to DAZZLED. When output 117 remains at the increased value, processor 
106 sets MV status 30 back to BLURRED. (Processor 106 does not set MV status 30 to CLEAR because processor 
106 has not detected the removal of the fault condition.) 

At time 66, processor 106 begins another current injection test and sets MV status 30 to DAZZLED. At time 72, 

3$ processor 1 06 determines that contact has been reestablished and, in response, sets MV status to BLURRED and 
initializes a recovery timer. At time 97, the recovery timer (which was set to 25 seconds) expires and processor 106 
sets MV status to CLEAR. 

Referring to Fig. 11 , another example of a self-validating sensor according to the invention is a Coriolis flow meter 
150. Flow meter 150 measures three process parameters: mass flow rate, density, and temperature. Mass flow is 

40 measured directly using the principle of Coriolis acceleration, without needing to rely on external pressure, temperature, 
or specific gravity measurements. 

Structurally, flowmeter 150 consists of a flowtube 152 that is connected to a transmitter 154 by cables 156. Flowtube 
1 52 includes a body 1 58 to which is connected an input pipe 1 60 and an output pipe 1 62. Two parallel pipe loops 1 64, 
1 66 extend from body 1 58. Body 158 contains passages which lead a process fluid from input pipe 160 to the beginning 

45 of loop 1 64, from the end of loop 1 64 to the beginning of loop 1 66 and from the end of loop 1 66 to output pipe 1 62 (the 
broken arrows in Fig. 11 show the direction of flow in loops 164, 166). 

Transmitter 1 54 causes loops 1 64, 1 66 to pivotally oscillate about their axes of symmetry Y'-Z 1 and Y-Z by supplying 
anti-phase sinusoidal signals to electromagnetic drivers 168, 170. Transmitter 154 uses feedback to maintain the sig- 
nals to drivers 1 68, 1 70 at the resonant frequency of loops 1 64, 1 66. Transmitter 1 54 then detects movement of loops 

so 1 64, 1 66 via sensors 1 72, 1 74, which each produce a voltage that is proportional to the instantaneous velocity between 
loops 164, 166. Transmitter 154 adjusts the amplitude of the signals to drivers 168, 170 to maintain the average am- 
plitude of the voltages produces by sensors 172, 174 at a constant level. 

Transmitter 154 measures mass flow rate, density, and temperature in the following manner. First, transmitter 154 
measures the mass flow rate of the process fluid by monitoring the effect of Coriolis forces on loops 164, 166. Coriolis 

55 forces acting on sections G'-H' and G-H of oscillating loops 164, 166 cause deflections of loops 164, 166. These 
deflections result in a phase angle difference between the voltages produced by sensors 172, 174 that is proportional 
to the mass flow rate. Next, transmitter 1 54 determines the density of the process fluid from the frequency of oscillation 
of loops 164, 166 (which equals the frequency of the signals supplied to drivers 168, 170). The density of the process 
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fluid is inversely proportional to the square of the drive frequency. Finally, transmitter 154 measures the temperature 
of the process fluid via a temperature sensor 176 located in body 158. Typically, temperature sensor 176 is an RTD 
device with a resistance that is temperature dependent. 

In the context of flow meter 1 50, the raw data available are the frequency 44c of a signal coming out of temperature 

s sensor 176 (the frequency is proportional to the resistance of temperature sensor 176), frequency 44b of the drive 
signals applied to drivers 168, 170, and the voltage outputs 44c of sensors 172, 174. From these signals, transmitter 
154 derives three RMVs: the temperature of the process fluid 36a, the density of the process fluid 36b, and the mass 
flow rate 36c (derived from the phase angle between the sensor signals). In addition, transmitter 154 performs uncer- 
tainty analyses to produces three RUs (62a, 62b, 62c), each indicating the uncertainty of a corresponding RMV 36. 

io After generating RMVs 36a-c and RUs 62a-c, transmitter 154 determines the diagnostic state 58 of flow meter 

1 50. This determination is based on raw data 44a-c, RMVs 36a-c, RUs 62a-c, and auxiliary data 46. Based on diagnostic 
state 58, transmitter 1 54 adjusts the parameters used in calculating RMVs 36a< and RUs 62a-c and recalculates these 
values. Transmitter 154 then outputs the recalculated RMVs 36a-c and RUs 62a-c as VMVs 26a-c and VUs 28a-c. 
Transmitter 1 54 also outputs a MV status 30a corresponding to temperatu re, a MV status 30b corresponding to density, 

15 and a MV status 30c corresponding to mass flow rate. Finally, transmitter 154 outputs a single device status 32 cor- 
responding to the status of flow meter 150. 

Referring again to Fig. 6, the procedure performed by transmitter 1 54 during each sample period can be imple- 
mented in software. An example of software for implementing of a self-validating Coriolis meter 150 is included in 
microfiche appendix 1 . In addition, an example of software for implementing a self -validating temperature sensor 100 

20 as described above is included in microfiche appendix 2. The software in appendices 1 and 2 may be implemented on 
any processor that supports a structured programming language. In an alternative approach, the procedure could be 
implemented using hard-wired circuitry. 

The pseudocode shown in Fig. 12 provides a simplified view of the procedure performed by transmitter 154 during 
each sample period. Fig. 12 also shows, in parentheses, the steps performed in Fig. 6 that correspond to the steps in 

25 Fig. 12. Initially, transmitter 154 gets raw data 44a-c from flowtube 152 (step 200). Transmitter 154 then calculates 
RMVs 36a-c and RUs 62a-c (steps 202-206). The pseudocode for calculating RMV 36a and RU 62a is shown in Fig. 
13 and is discussed below. Next, transmitter 154 examines all available information (step 208) and determines diag- 
nostic state 58, MV statuses 30a-c, and device status 32 (step 210). A portion of the pseudocode for determining 
diagnostic state 58 and MV statuses 30a-c is shown in Fig. 14 and discussed below. Based on diagnostic state 58, 

30 transmitter 1 54 corrects the parameters used in calculating RMV 36a-c and RU 62a-c (step 21 2). Transmitter 1 54 then 
calculates VMVs 26a-c and VUs 28a-c (steps 214-218) using the procedure with which RMVs 36a-c and RUs 62a-c 
were calculated and corrected parameters. 

Referring to Fig. 13, transmitter 154 calculates RMV 36a and RU 62a as follows. First, transmitter 154 calculates 
the resistance "R" of temperature sensor 176 (step 250). Transmitter 154 then calculates the uncertainty "d_R" of R 

35 based on an uncertainty analysis of the equation used to calculate R (step 252). Next, transmitter 154 calculates 
•temperature" (step 254), and sets RMV 36a equal to temperature. Finally, transmitter 154 calculates the uncertainty 
■djemperature' of temperature (step 256), and sets RU 62a equal to djemperature. Thus, as a first pass RMV 36a 
and RU 62a equal the measured temperature and its corresponding uncertainty. If transmitter 154 subsequently de- 
termines that it has less than nominal confidence in RMV 36a and RU 62a, transmitter 1 54 modifies any of the param- 

40 eters, uncertainties, and/or raw data (e.g., RK1 , d_RK1 , f_RTD) used in calculating temperature and djemperature 
to reflect the impact of an expected fault. Transmitter 154 then reperforms the procedure illustrated in Fig. 13 using 
the modified information and sets VMV 26a and VU 28a equal to the new values for temperature and djemperature. 
Alternatively, if transmitter 154 determines that the fault is too severe, transmitter 154 may set VMV 26a and VU 28a 
based on historical data. 

*5 Fig. 1 4 illustrates the procedure used by transmitter 1 54 to detect and respond to a loss of input from temperature 

sensor 176. Transmitter 154 maintains a variable, RTD_input_state, that indicates the current status of the input from 
temperature sensor 176. As a first step, transmitter 154 checks RTD_input state (step 300). 

If RTD_input_state equals RTDJ NPUTJDK, which indicates that the input from temperature sensor 1 76 was func- 
tioning normally during the previous sample period, transmitter 154 checks the resistance of temperature sensor 176 

50 (step 304). If the resistance is less than 80 ohms, this indicates that the connection between transmitter 154 and 
temperature sensor 176 has been lost. In response, transmitter 154 sets RTDjnput_state to RTDJNPUTJ.OST (step 
306). Transmitter 1 54 then checks the value of RTD_spike_state, which indicates whether transmitter 154 had sensed 
a spike in the output from temperature sensor 176 during the previous sample (step 308). If RTD_spike_state indicates 
that a spike had occurred, transmitter 154 resets RTD_input_state to indicate no spike (step 310). (A spike is a less 

55 serious fault and is mooted by the loss of connection.) 

If RTD_input_state equals RTDJ N PUT J.OST, transmitter 154 checks the resistance of temperature sensor 176 
(step 314). If the resistance is less than 100 ohms (step 314), this indicates that connection with temperature sensor 
176 is still lost. (Different resistance values are used in steps 304 and 314 to avoid intermittent switching of 
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RTD_input_state if, for example, the resistance fluctuates between 79 and 81 ohms.) If connection is lost, transmitter 
154 sets MV status 30a, which corresponds to temperature, to BLIND (step 316) and substitutes historical information 
(step 318) about temperature for use in the recalculation steps (steps 214-18 of Fig. 12). Because density and mass 
flow are based, in part, on temperature, transmitter 154 sets MV statuses 30b-c to BLURRED (steps 320-22). If the 
5 resistance is greater than 100 ohms, transmitter 1 54 sets RTDJnput state to RTDJNPUT_RECOVER, to indicate that 
connection has been reestablished (step 326). At this time, transmitter 154 initializes a recovery timer by setting 
RTD_input_count equal to zero (step 328). 

If RTD_input_state equals RTDJNPUT_RECOVER, transmitter 154 merges the past and present values for tem- 
perature as discussed above (step 332). Transmitter 154 then checks to see if the recovery timeout period has expired 
10 (step 334). If it has, transmitter 154 sets RTD_input_state to RTD_INPUT_OK (step 336). If it has not, transmitter 154 
sets MV status 30a to BLURRED (step 340) and increments RTD_input_count (step 342). 

Fig. 15 illustrates the response of flow meter 150 to a loss of input from temperature sensor 176. At time 9, the 
loss of input occurs and the unvalidated temperature measurement, RMV 36a, begins to rapidly drop. At time 10, 
transmitter 1 54 sets diagnostic state 58 to indicate that a spike in the temperature input has occurred, and, in response, 
is changes MV status 30a to DAZZLED, modifies VMV 26a and VU 28a based on past performance as discussed above, 
and leaves MV statuses 30b-c, VMVs 26b-c, and VUs 28b-c unchanged (though, because density and mass flow rate 
are partially dependent on temperature, VMVs 26b-c and VUs 28b-c include the changes to VMV 26a and VU 28a). 

At time 12, the resistance of temperature sensor 176 drops sufficiently low that transmitter 154 sets diagnostic 
state 58 to indicate that a loss of temperature input has occurred, and, in response, changes MV status 30a to BLIND, 
20 continues to base VMV 26a and VU 28a on past performance, changes MV statuses 30b-c to BLURRED, and leaves 
VMVs 26b-c unchanged. Because the uncertainties of density and mass flow are based in part on the uncertainty of 
temperature, VUs 28b-c will increase to reflect the increase in VU 28a. 

At time 48, the resistance of temperature sensor 176 increases to a sufficient level so that transmitter 154 sets 
diagnostic state 58 to indicates that temperature input has been recovered, and, in response, changes MV status 30a 
25 to BLURRED, initializes a recovery timer, begins merging past and present values for VMV 26a and VU 28a, and 
changes MV statuses 30b< to CLEAR. 

At time 72, the recovery timer expires, and transmitter 154 sets diagnostic state 58 to indicate that the temperature 
input is fully recovered, and, in response, changes MV status 30a to CLEAR and bases VMV 26a and VU 28a on RMV 
36a and RU 62a. 

30 Referring to Fig. 16, in summary, a sensor 12 according to the invention implements a procedure 350. The sensor 

receives a data signal related to the value of a variable (step 352), and, based on the data signal, estimates a meas- 
urement of the variable (step 354). Thereafter, the sensor generates a first output signal (step 356), which can be 
related to the estimated measurement of the variable. Finally, the sensor performs an uncertainty analysis on the first 
output signal (step 358) and generates a second output signal based on the uncertainty analysis (step 360). 

35 Referring to Fig. 17, and as discussed above, a sensor according to the invention may respond to the detection 

of a fault according to a procedure 400. Initially, the sensor determines whether the occurrence of a fault has been 
detected in the source of a measurement (step 405). For example, as shown in Fig. 18 and discussed above, when 
the sensor includes a temperature transducer, the sensor may detect a loss of contact fault using a procedure 500. 
The sensor stores an output of the temperature transducer (step 505) and connects the temperature transducer to a 
voltage source for a predetermined time period (step 510). After the predetermined time period expires, the sensor 
compares the stored output with the current output of the temperature transducer (step 51 5) and indicate that a loss 
of contact fault has been detected based on the comparison (step 520). 

Referring again to Fig. 17, if the occurrence of a fault has been detected (step 405), the sensor produces a first 
estimate of the measurement (step 410). The first estimate may be a mean value of the measurement during a time 

45 interval that includes a short term past value of the measurement. For example the time interval may include a value 
of the measurement immediately prior to the occurrence of the fault. The sensor also produces an uncertainty measure 
for the first estimate (step 415). Initially, the uncertainty measure may indicate that the measurement can have any 
value observed for the measurement during the time interval. The sensor may also account for a reduction in reliability 
of the first estimate due to a time difference between the current time and a time at the end of the time interval. In 

50 particular, the sensor may adjust the uncertainty measure for the first estimate by multiplying the time difference be- 
tween the current time and the time at the end of the time interval by a maximum observed between the current time 
and the time at the end of the time interval by a maximum observed rate of change of the measurement. The sensor 
then produces a second estimate (step 420) and a related uncertainty measure (step 425) using the approach described 
above for the first estimate and uncertainty measure. The second estimate may be based on long term past values of 

55 the measurement. 

The sensor combines the multiple estimates of the measurement to produce a combined estimate for the meas- 
urement (step 430). The sensor may combine the estimates by weighting the estimates according to their associated 
uncertainty measures. In particular, the sensor may multiply the first estimate by the second uncertainty measure 
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squared divided by a sum of the second uncertainty measure squared and the first uncertainty measure squared and 
add a result of this multiplication to a result of multiplying the second estimate by the first uncertainty measure squared 
divided by a sum of the second uncertainty measure squared and the first uncertainty measure squared: 



5 ESTCOM = — — — * EST1 + — — — * EST2 

U12 + U22 U12 + U22 

The sensor also combines uncertainty measures for each of the multiple estimates to produce an uncertainty 
measure for the combined estimate for the measurement (step 435). The sensor may do so by multiplying the second 
io uncertainty measure by the first uncertainty measure an dividing a result of the multiplication by a square root of a sum 
of the second uncertainty measure squared and the first uncertainty measure squared: 



is 



45 



so 



ss 



UCOM. U1 * U2 



(U12 + U22)1/2 



Finally, the sensor provides the combined estimate for the measurement as a value for the measurement at a 
current time (step 440 and the uncertainty measure for the combined estimate as an indication of the validity of the 
value of the measurement of the current time (step 455). 

The sensor also may correct for a fault after identifying the fault. Referring to Fig. 19A, if the sensor 100 were an 

20 ideal measurement system 1 000, then a desi red measurement rr^ 1 01 5 produced by the system 1 000 would be related 
to a measurand m 1020 by a desired transfer function G d (s) 1025. However, an actual measurement system, such as 
is shown in Fig. 1 9B, may include variations in its transfer function G a (s) 1 030 relative to the desired transfer function 
G d (s). These variations may distort the actual sensor output x 1035 (also referred to as the uncompensated measure- 
ment m u ) relative to the desired measurement m d 1015. For example, when the desired transfer function G d (s) is a 

25 low-pass filter (Fig. 19A), variations in the actual system may cause the actual transfer function G fl (s) to have a lower 
cutoff frequency than that of the desired transfer function G d (s). While some filtering may be necessary to remove 
measurement noise, the reduced cutoff frequency may be lower than the required measurement bandwidth. This may 
result in attenuation of high frequency signal components and the introduction of an appreciable lag into the measure- 
ment. If the system design does not account for this lag, then the control performance may degrade and a control loop 

30 using the sensor 100 may become unstable. 

Referring to Fig. 20, the processor 1 06 implements a procedure 1 1 00 to account for the effects of variations between 
actual and desired transfer functions. Initially, the processor 106 determines the discrete-time equivalent of the desired 
transfer function G d (s) 1025 of the sensor 100 (step 1105). Typically, this function is defined in the performance spec- 
ifications of the sensor. Next, the processor determines the discrete-time equivalent of the actual transfer function G a 

3$ (s) 1030 of the sensor 100 (step 1110). For example, when the sensor 100 is a thermocouple, the processor 106 
determines the actual transfer function using current injection tests. 

After determining the transfer functions, the processor 106 obtains the sensor reading x 1035 from the sensor 100 
(step 1115). Referring also to Fig, 1 9C, the processor 1 06 then computes the inverse, G a '(s) 1 045, of the actual transfer 
function G a (s) 1030 (step 1120). It should be noted that G a '(s) is not the exact mathematical inverse of the actual 

40 transfer function G a (s), as compensation using the exact inverse may result in unstable compensated sensor readings. 
Instead, G a '(s) is the finite-impulse-response inverse of G a (s) with matched gain, using the inverse transfer function 
G a '(s) 1045, the processor 106 negates the effect of the sensor's actual transfer function to obtain a compensated 
measurement m c 1050 (step 1125): 



™ c = xG a'( s )- 

The compensated measurement m c 1050 is the measurement that would be generated if the sensor had infinite band- 
width. Since the sensor reading x 1035 is: 

x = mG a (s), 

the compensated measurement m c 1050 corresponds to the measurand m 1020: 

m c = xG a '(s) = mG a (s) G a '(s) = m. 
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Thereafter, the processor 106 uses a filter G^s) 1 055 (Fig. 1 9D) having a transfer function equal to the desired transfer 
function G d (s) to filter the compensated measurement m c 1050 to generate an estimate nr^ 1060 of the desired meas- 
urement m d 1015 (step 1130): 

m e = m c G ( (s). 

Figs. 21 A and 21 B illustrate implementation of a procedure for a system having an actual transfer function with a 
delay of 0.07 seconds, break frequencies of 0.1768 and 0.2274 Hz: 

e 



G * (s) - (1+0.7S) (1+0.9S) 



is Ignoring the delay and assuming a sampling rate of 10 Hz, the discrete time, zero-order-hold equivalent of the actual 
transfer function may be expressed using standard control theory techniques as: 



.1 V +V 0.0072957Z +0.0067035Z 

G a (z ) = 7, 5 = ^ — 

1+a 1 z : +a 2 z z 1-1.7617z l +0.7757z^ 



From this, the compensated measurement m c for a sample k may be expressed using the finite-impulse-response 
inverse of the discrete time equivalent as: 

x(k)+a^x(k--\) + a 2 x(k-2) _ x{k) -i. 7 617x(fr-1) + 0.7757x(fr-2) 
™ cl } b^+b 2 0.0072957 + 0.0067035 

30 Fig. 21 A illustrates the response of the system to a measurand m that is a noise-corrupted delayed step input 1 200 

having the value: 



m= H(r-0.5) +0.1 N(t) 



where H(t) is a step input of unit magnitude at time t=0 and N(t) is random noise of normal distribution and unit mag- 
nitude. The system responds to the step input 1200 by producing a sensor reading x that is identified as an uncom- 
pensated measurement m w 1205. The compensated measurement n\ 1210 is calculated from the uncompensated 
measurement using the equation provided above. 

40 Fig. 21 A shows that the compensated measurement m c 1210 resembles the step input 1200 much more closely 

than does the uncompensated measurement m u 1205. In particular, the uncompensated measurement m y 1205 is 
much slower than the step input 1200. However, the uncompensated measurement m u 1205 is less noisy than both 
the step input 1200 and the compensated measurement rr^ 1210. This is to be expected since high frequency noise 
in the step input 1 200 is filtered out by the relatively slow response of the transducer that produces the uncompensated 

45 measurement m g 1205. 

Fig. 21 B illustrates the differences between the uncompensated measurement my 1205, an estimate m c 1215 of 
the desired measurement, and the actual desired measurement m d 1220. The desired sensor transfer function G d (s) 
of the system is a first-order filter with a cutoff frequency of 0.5Hz: 

b + 8} - 1+0.32S 

This cutoff frequency is substantially higher than the break frequencies of the actual transfer function G^s). 

The discrete-time equivalent of the desired transfer function G d (s) at a sampling rate of 1 0Hz may be expressed as: 

55 
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•1 



r , -i, c i* 0.26842 
G(z )- 



-1 



1+c^z 1 1-0.731 Sz r 



15 



From this, the estimate m c 121 5 of the desired measurement for a sample k may be expressed as: 

m 9 (k) =c^m c (M) -d^/M) =0.2484 /n c (/M) +0731 6m d (*-1). 

This results in an estimate m c 1215 that closely tracks the desired measurement m d 1220. 

Figs. 22A and 22B illustrate the response of the system to a measurand m that is a varying input 1 250. The varying 
input 1250 has the value: 

in=10sin(27tO.O5t) +5sin|2tt0.3t+~)+o.liV(C:) , 



20 where N(t) is random noise of normal distribution and unit magnitude. A primary signal component of the varying input 
1250 is at a frequency of 0.3Hz, which is above the cutoff frequency of the actual transfer function. Accordingly, this 
signal component is attenuated in the uncompensated measurement n^ 1255, which causes significant distortion 
therein. By contrast, most of the signal component is restored in the compensated measurement nr^ 1260 so that the 
compensated measurement more closely resembles the varying input 1 250. Fig. 22B illustrates the differences between 

25 the uncompensated measurement m u 1 255, the estimate m c 1 270 of the desired measurement, and the desired meas- 
urement m d 1275. 

The feasibility of the compensation technique is demonstrated by the fact that, in both Figs. 21 B and 22B, the 
estimated measurement m c resembles the desired measurement rr^ much more closely than does the uncompensated 
measurement m u . 

30 The technique of the invention can be employed in a variety of circumstances. For example, as shown in Fig. 23A, 

a thermocouple 1300 may be placed in a thermal well 1305 filled with silicon oil 1310. When the thermal well 1305 is 
at the same temperature as the process of interest, the response of the thermocouple 1 300 to changes in the process 
temperature is of a second order with time constants governed by the heat transfer properties of the thermocouple/ 
silicon oil interface and the silicon oilAhermal well interface. If, as shown in Fig. 23B, the silicon oil 1310 leaks from the 

35 thermal well 1 305 or is otherwise lost, the heat transfer characteristics of the thermocouple 1 300 becomes less efficient. 
This causes the time constants in the thermocouple response to increase and the sensor reading x 1035 to become 
sluggish. A self -validating sensor may compensate for this sluggishness using the techniques discussed above. 

Once the estimated measurement m c has been generated, the uncertainty 5 of the estimate may be quantified. 
Referring to Fig. 24, the processor 1 06 implements a procedure 1 400 to account for the uncertainties of the input signal 

40 as well as the inaccuracies introduced by the technique and propagates each uncertainty component appropriately. 

As noted above, the compensated measurement rr^ may be estimated from the sensor reading x using the finite- 
impulse-response inverse of the discrete time, zero-order-hold equivalent of the actual transfer function: 

From this expression, the uncertainty 8 of the compensated measurement m c has two main components. The first 
component is attributable to uncertainty of the input signal and to the inexactness of the compensation coefficients in 
so the discrete time equivalent of the transfer function. The processor 106 calculates the first component (step 1405) 
using a standard uncertainty propagation formula: 
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where 6 denotes the uncertainty of the variable that it precedes. 
'5 The second component of the uncertainty results from the discrete time transfer function being a zeroorder-hold 

equivalent having all of its poles at the at the origin. The processor 106 calculates this component (step 1410) as: 

bm^k) =nm c (k) - [x(/M ) + x(k-2) +...+*( *-n)]. 

20 

Using the two components, the processor 1 06 determines the overall uncertainty in the compensated measurement 
for a sample k (step 1415) as: 

25 5m cW = V< 6m cT < *> ) 2 + ) 2 

Finally, the processor 106 determines the uncertainty of the estimated measurement n\ by considering the uncer- 
tainties of the compensated measurement m c and the coefficients of the discrete equivalent of the desired transfer 
function (step 1420). For a sample k, the estimated measurement may be expressed as: 

30 

m.(k) «g c^Uc-i) +g d^W-i) . 

35 

From this expression, the processor 106 determines the uncertainty of the estimated measurement n\ as: 



40 



45 



* g [m^k-Dic^ 2 ♦ g [m # (Jc-i)6d i ] a 

so 

For the system discussed above with respect to Figs. 21 A and 21 B, the first component of the uncertainty of the 
compensated measurement m c is: 
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{bw cl (k) ) 2 * — \ J [a^xik-l) ) 2 + [a 2 6x( k-2) ] 2 + (x(Jc-i) 6a x ) 2 
5 * (x(*-2) 6a 2 ) 2 + (in c (Jc) 52),) 2 + (m c (Jc) 62> 2 ) 2 } 

The second component of the uncertainty of the compensated measurement n\ is: 
10 Sm c2 (k) = 2m c (k) - [x(k-1 ) + x(k-2)]. 

Accordingly, the uncertainty of the estimated measurement m c is: 

(5m c (k)) 2 = (c, 5m c (k-1 )) 2 + (d, 5m c (k-1 )f + 

KOc-ij^^ + tm.oc-ijad,) 8 . 

20 The uncertainties of the estimated measurements m c for the step input 1 200 and the varying input 1 250, are shown, 

respectively, in Figs. 25A and 25B. The shading indicates the uncertainty 8. For simplicity, the uncertainty of the input 
signal is ignored, and it is assumed that the filter coefficients are exact. Figs. 25A and 25B show that the uncertainty 
estimation technique accounts for the frequency content of the sensor signal and produces a higher uncertainty when 
the input signal has a significant high frequency component, as is shown in Figs. 25Aand 25B. 

25 in some instances, the processor 106 may need to account for the uncertainty associated with related signals. For 

example, measurements produced by some sensors may include combinations of different signals that are affected 
by common variables. This may result in problems because the propagation of uncertainty in standard uncertainty 
analyses is valid only if the variables are independent. 

Referring to Fig. 26, the processor 106 implements a procedure 1600 to account for the uncertainty of a result R 

30 that is a function of dependent variables. Initially, the processor defines the result R (step 1605) as: 

R = R(M 1 ,..,M n ), 

35 where each of the signals M u is a functions of common variables c and independent variables v: 

M, = MjfcVj), 

40 where 

c = [c 1 ,c 2 ,^,c p ] T 

45 and 

»,»[v, , .v»~.v l Y. 

so The processor then calculates the uncertainty of the result R. 

In a first technique, the processor calculates the uncertainty in terms of base variables as (step 1610a): 

m 2 - (gf (te, ) 2 * (f?/ + .. ♦ <f*> 2 (8c/ 
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where 8M jf is the uncertainty in M { if the uncertainties of the common variables c p are ignored. This illustrates that the 
uncertainties of the common variables may be evaluated from the final result while the uncertainties of the independent 
variables may be calculated by considering the intermediate signals. 

In a second technique, the processor calculates the uncertainty in terms of intermediate signals as (step 1610b): 

5 

^ 2 =(^) a ^ )2 W ( ^ )2+ ---W (6w " )2 

In this technique, extra uncertainty terms are required to account for the correlation between the common variables. 
The procedure 1600 can be illustrated with reference to the following example, in which: 

20 

M t = ax+y, M 2 = bx+z 

where x is the only common variable and y and z are independent variables. Suppose the result of the first step (step 
1605) is: 

25 

R = aM 1 + pM 2 

Applying the first technique results in: 

30 

(5R) 2 = (aa+pb) 2 (5x) 2 + a 2 x 2 (6a) 2 + p 2 x 2 (5b) 2 + <x 2 (8y) 2 + p 2 (8z) 2 . 

Applying the second technique results in the same value. 
35 Figs. 27A and 27B illustrate this result when a and p are both 0.5, x has a mean value of 5 and variance of 0.01 , 

y and z vary uniformly between ± 0.005, the uncertainty of x, y or z at a particular time is 1 % of the value of that variable 
at that time, and the values of a and b are assumed to be: 
a=3, b=5 for the first method, and 

a=3, b=-5 for the second method. In the first example, as shown in Fig. 27A, the common variable x acts in 

40 common mode on signals Iv^ and M 2 because a and b are of the same sign. In the second example, as shown in Fig.. 
27B, the common variable x acts in differential-mode because a and b are of opposite signs. In comparing the uncer- 
tainties, result R 1700 is shown by the solid line, the uncertainty calculated using the techniques discussed above is 
shown by the shading 1705, and uncertainty calculated using standard techniques is shown by bounds 1710. For the 
example shown in Fig. 27B, any inaccuracies in the readings tend to cancel so that the uncertainty 1705 is smaller 

4$ than the uncertainty 1 710 estimated using standard techniques. 

The technique discussed above may be employed in a variety of circumstances. For example, Fig. 28 illustrates 
multiple thermocouples 1800 arranged in parallel to measure a spatially averaged temperature. The terminals of all 
the thermocouples 1800 can be housed together in one terminal box 1805, so that only one measurement of the 
reference junction temperature 1810, is necessary. A multi-point switch 181 5 can be used to poll the different channels 

so in turn to obtain the temperature readings at the different locations, from which the average temperature is calculated. 
The proposed uncertainty calculation techniques will take into account the correlation of the different channels and 
adjust the uncertainty of the averaged reading accordingly. 

Referring to Fig. 29, the processor 106 may implement a procedure 1900 to combine similar signals to produce a 
weighted average R having minimal uncertainty. The processor combines similar signals M n to give the weighted av- 

ss erage result: 

R = a 1 M 1 + a 2 M 2 + ... + a n M n 
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where 



a, +a 2 + ...+a n = 1. 



When the signals M 1 to M n are all independent, the Ah coefficient may be represented as: 



10 



15 



20 



25 



where SMj is the uncertainty in Mj. However, this expression does not apply when the signals include common variables. 
Accordingly, if the signals Mj are of the form: 



where 



and 



c = [c r c 2 ,...,c p ] , 



30 



35 



40 



45 



50 



r 1 2 qi,T 

then the processor determines the combination coefficients that result in minimum uncertainty (step 1905) as: 

1 



a, = 



r — i — 

Pi (5^ ci ) 2 

where SM a is the uncertainty in M ci if the common variables c are ignored. The processor then obtains the weighted 
average result (step 1910) and determines the resulting uncertainty in the weighted average result (step 1915) as: 
An example of this technique is provided below. Two dependent variables: 



M 1 = x+y, M 2 = x+z 



55 are weighted to give the result: 



R= a 1 M 1 + ctgMg 
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where 

a 1 + ctg = 1 . 

5 

The base variables x, y, z and their associated uncertainties are: 

x = 0.2 + 0.1N(t), 6x = 0.02 + 0.01 N(t), 

10 

y = 2. 1 + 0.2N(t), 8y = 0.2 + 0. 1 N(t), 

and 

z = 2.2 + 0.2N(t), 5z = 0.25 + 0.1 N(t). 
The squares of the uncertainties of the signals M n , while ignoring the uncertainties of the common variables c, are 



75 



20 



25 



(5M c1 ) 2 = (5y) 2 and(5M c2 ) 2 = (8z) 2 . 



From this, the optimal combination coefficients are given by: 



a - («*) . a - 

w 1 ~~ 2 2' 2 ~ 2 2' 

(oy)%(8z) 2 (5y)%(5z) 2 
30 with the corresponding square of the uncertainty of the weighted average result R being: 



35 



) 2 J (6y) a + (6^) a 



Figs. 30A-30D illustrate the results for the simulation example described above. Figs. 30A and 30B shows the 
signals 2000 and M 2 2005 and their associated uncertainties 2010. Fig. 30C shows the coefficient 2015. Fig. 
40 30D shows the weighted average result R 2020 with its associated uncertainty 2025. It can be seen that the uncertainty 
of the weighted average result 8R 2025 is smaller than the uncertainties 2010 of both signals M t and 

The result of the above discussion can be generalized to cover the combination of any dependent signals. If the 
square of the uncertainty of the result R is a function of the vector of combination coefficients such that: 



45 



so 



55 



(8R) 2 = F(a) 

where 

a = [a r a 2 ,... . a ft ] T . 

then the optimal combination coefficients can be determined by solving the equations: 
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and 



10 



J5 Suppose there are two dependent variables: 

M 1 = ax+y, M 2 = bx+z 
20 where a=0.8 and b=1 .2. These variables may be combined to give the result: 

R = a 1 M 1 + c^Mg. 

25 While the uncertainties of a and b are both 0.02, the base variables x, y, z and their associated uncertainties are: 

x = 0.2 + 0.1 N(t), ax = 0.02 + 0.01 N(t), 

Jt; y = 2.3 + 0.2N(t), ay = 0.2 + O.OBN(t), 

and 

35 z = 2.1 +0.2N(t), oz = 0.2 + 0.16N(t). 

Previously, it has been shown that the square of the uncertainty in the result R is: 
40 (8R) 2 = (a 1 a+a 2 b) 2 (6x) 2 + a 1 2 x 2 (8a) 2 + cc/x^Sb) 2 + a^Sy) 2 + a 2 2 (8z) 2 , 



so that: 

45 



2 

=2a(a,a+a 2 b) (5x) 2 + 2a,(x 2 (8a) 2 + (5y) 2 ], 



2 

so =2 b(a, a+o^b) (Sx) 2 +2a 2 [x 2 (86) 2 +(8z) 2 ] 

2 

where 

a f(*b)Kb(b+) (8x) 2 +(8z) 2 

1 [(5a) 2 +(86) 2 ]x 2 +(a-6) 2 (8x) 2 +(5y) 2 +(5z) 2 
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and 

0 x 2 (ba) 2 +a(b-a)(bxf+(by) 2 
s 2 [(8a) 2 + (6/?) 2 Jx 2 + (a^) 2 (6x) 2 + (5y) 2 + (8z) 2 

The results of this simulation are plotted in Figs. 31 A-D. Figs. 31 A and 31 B show signals M, 2100 and Mg 2105 
and their associated uncertainties 2110. Fig. 31 C and 31 D illustrate the combination coefficient 2115 and the result R 
21 20 and its associated uncertainty 8R 21 25 in the optimal case. From Figs. 31 A-31 D, one can see that the combination 

10 coefficients have taken into account, in general, that signal Mg 2105 has a higher uncertainty than signal M t 2100 
(because 8z > 6y) and therefore more emphasis has been placed on signal rv^ 2100. Furthermore, the overall uncer- 
tainty 2125 in the result R is less than both the uncertainties of signals M 1 2100 and M 2 2105. 

The technique described above may be applied, for example, when the sensor 100 includes multiple transducers 
measuring overlapping ranges of process readings and the temperature compensation coefficient required for each 

15 transducer is slightly different. If only one temperature sensor is employed in the transmitter, then readings from the 
different transducers can be combined using the suggested formula to give the best estimated measurement of mini- 
mum resulting uncertainty. For example, the method could be applied if a and b are temperature combination coeffi- 
cients for the different readings and x is the temperature determined by the transducer. 

If there are no constraints on the relative values of the various parameters, then some of the optimal coefficients 

20 may be outside the range 0 to 1 , leading to the result R which is outside the uncertainty bounds of both signals M 1 and 
M 2 . This is illustrated in the following example where a=0.8 and b=1.2 and 



x = 2.0 + 0.1 N(t), ax = 0.2 + 0.1 N(t), 

25 

y = 1 .0 + 0.02N(t), ay = 0.02 + 0.008N(t), 



and 

30 



z = 0.8 + 0.02N(t), az = 0.020 + 0.0l6N(t). 



In Figs. 32A-32D, one can seen that although the result R has a very small uncertainty (around 0.11), the result 
35 R with a mean value of approximately 4.8 is outside the ranges of both signals M, 2200 and M 2 2205. Therefore, the 
combined result is meaningless. For the case of: 



40 



45 



so 



ax+y and M 2 = bx+z, 
analysis shows that in order for the technique to be meaningful the conditions 

(aM 1 ) 2 = a 2 (ax) 2 + x 2 (aa) 2 + (ay) 2 > ab(ax) 2 , 

and 

(aM 2 ) 2 = b 2 (ax) 2 + x 2 (ab) 2 + (az) 2 > ab(ax) 2 , 



must be satisfied. 

Other embodiments are within the scope of the following claims. 

A portion of the disclosure of this patent document contains material which is subject to copyright protection. The 
copyright owner has no objection to the facsimile reproduction by anyone of the patent document or patent disclosure, 
55 as it appears in the Patent and Trademark Office file or records, but otherwise reserves all copyright rights whatsoever. 
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Claims 

1. A method of compensating for variations in a transfer function of a sensor, comprising: 

5 identifying a desired transfer function for the sensor; 

determining an actual transfer function for the sensor; 
receiving a measurement produced by the sensor; 

modifying the measurement based on the desired and actual transfer functions to produce a modified meas- 
urement; and 

w providing the modified measurement as a measurement value for the sensor. 

2. The method of claim 1 , wherein the desired transfer function is identified from design criteria for the sensor. 

3. The method of claim 1 or 2, wherein the actual transfer function varies with time, and wherein the step of determining 
is the actual transfer function comprises determining the actual transfer function for a particular time or period of time 

for which a measurement value is to be produced. 

4. The method of claim 1 , 2 or 3, wherein the sensor comprises a thermocouple, and wherein the step of determining 
the actual transfer function comprises using current injection tests. 

20 

5. The method of any preceding claim, wherein the step of modifying the measurement comprises modifying the 
measurement based on an inverse of the actual transfer function to produce a compensated measurement. 

6. The method of claim 5, wherein the step of modifying the measurement comprises modifying the compensated 
25 measurement based on the desired transfer function to produce the modified measurement. 

7. The method of any preceding claim, further comprising generating an uncertainty measure for the measurement 
value. 

30 8. The method of claim 5 or 6, and 7, wherein the step of generating an uncertainty measure comprises generating 
a first uncertainty measure for the compensated measurement, generating a second uncertainty measure for the 
desired transfer function, and combining the first and second uncertainty measures to produce the uncertainty 
measure for the measurement value. 

35 9. The method of claim 8, wherein the step of generating the first uncertainty measure for the compensated meas- 
urement comprises: 

generating a third uncertainty measure for the measurement produced by the sensor; 
generating a fourth uncertainty measure for the inverse of the actual transfer function; and 
40 combining the third and fourth uncertainty measures to produce the first uncertainty measure for the compen- 

sated measurement. 

10. A method of compensating for variations in a transfer function of a sensor, comprising: 

45 identifying a desired transfer function for the sensor; 

determining an actual transfer function for the sensor; 
receiving a measurement produced by the sensor; 

modifying the measurement based on an inverse of the actual transfer function to produce a compensated 
measurement; 

50 modifying the compensated measurement based on the desired transfer function to produce a modified meas- 

urement; 

providing the modified measurement as a measurement value for the sensor; 
generating a first uncertainty measure for the compensated measurement; 
generating a second uncertainty measure for the desired transfer function; and 
55 combining the first and second uncertainty measures to produce an uncertainty measure for the measurement 

value. 

11. A sensor for providing a measurement value, the sensor comprising: 
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a transducer configured to generate a measurement; and 
a transmitter configured to: 

identify a desired transfer function for the transducer; 
determine an actual transfer function for the transducer; 
5 receive the measurement generated by the transducer; 

modify the measurement based on the desired and actual transfer functions to produce a modified measure- 
ment; and 

provide the modified measurement as a measurement value for the sensor. 

10 12. The sensor of claim 1 1 , wherein the transmitter identifies the desired transfer function from design criteria for the 
sensor. 

13. The sensor of claim 11 or 12, wherein the actual transfer function varies with time, and wherein the transmitter 
determines the actual transfer function for a particular time or period of time for which the measurement value is 

75 to be produced. 

14. The sensor of claim 11, 12 or 13, wherein the transducer comprises a thermocouple, and wherein the transmitter 
determines the actual transfer function using current injection tests. 

20 15. The sensor of claim 11, 12, 13 or 14,, wherein the transmitter modifies the measurement based on an inverse of 
the actual transfer function to produce a compensated measurement. 

16. The sensor of any of claims 11 to 15, wherein the transmitter modifies the measurement based on the desired 
transfer function to produce the modified measurement. 

25 

1 7. The sensor of any of claims 1 1 to 1 6, wherein the transmitter is further operable to generate an uncertainty measure 
for the measurement value. 

1 8. The sensor of claim 1 5, wherein the transmitter generates a first uncertainty measure for the compensated meas- 
30 urement, generates a second uncertainty measure for the desired transfer function, and combines the first and 

second uncertainty measures to produce the measurement value. 

19. The sensor of claim 1 5 and 18, wherein the transmitter generates the first uncertainty measure generating a third 
uncertainty measure for the measurement, generating a fourth uncertainty measure for the inverse of the actual 

35 transfer function, and combining the third and fourth uncertainty measures to produce the first uncertainty measure 

for the compensated measurement. 



40 
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so 
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Step Action 

250 R = (RK1 * tranjemp + RK2) * f_RTD + 
RK3 * tranjemp + RK4 

[RK1-4 are calibration constants, tranjemp is 
the temperature of transmitter 154, and fJ^TD 
is the frequency of the signal coming out of 
RTD temperature sensor 176.] 

252 d_R = sqrt ( 

sqr (tranjemp * f_RTD * d_RK1 ) + 
sqr (f_RTD * d_RK2) + 

sqr (tranjemp * d_RK3) + 

sqr (d_RK4) + 

sqr ((RK1 * f.RTD + RK3) * 

djran Jemp) + 
sqr ((RK1 * tranjemp + RK2) * 
dJ_RTD)) 

[d_x is the uncertainty of x.] 

254 temperature = RTD_A * R * R + RTDJ3 * R + RTD_C 

256 djemperature = (2.0 * RTD_A * R + RTDJ3) • d_R 



FIG. 13 
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Step Action 

300 Check RTD_ input_state 

302 If RTD_INPUT_OK 

304 If RTD_ resistance < 80.0 

306 RTD_input_state = RTD_INPUT_LOST 

308 If RTD_spike_state <> RTD_SPIKE_OFF 

31 0 RTD_spike_state = RTD_SPIKE_OFF 

312 If RTDJNPUT_LOST 

314 If RTD_ resistance < 100.0 

316 Temperature MV status = BLIND 

318 Substitute historical temperature 

320 Density MV status = BLURRED 

322 Mass Flow MV status = BLURRED 

324 Else 

326 RTD_input_state = RTD_INPUT_RECOVER 

328 RTD_input_count = 0 

330 If RTD_INPUT_RECOVER 

332 Merge past and present temperature 

334 If RTD_input_count = 90 

336 RTD_input_state = RTD_INPUT_OK 

338 Else 

340 Temperature MV status = BLURRED 

342 Increment RTD_input_count 



FIG. 14 
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FIG. 30C FIG. 30D 
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